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Abstract.
Cultural data typically contains a variety of biases. In particular, geographical locations are

unequally portrayed in media, creating a distorted representation of the world. Identifying and
measuring such biases is crucial to understand both the data and the socio-cultural processes that
have produced them. Here we suggest to measure geographical biases in a large historical news media
corpus by studying the representation of cities. Leveraging ideas of quantitative urban science, we
develop a mixed quantitative-qualitative procedure, which allows us to get robust quantitative esti-
mates of the biases. These biases can be further qualitatively interpreted resulting in a hermeneutic
feedback loop. We apply this procedure to a corpus of the Soviet newsreel series ’Novosti Dnya’
(News of the Day) and show that city representation grows super-linearly with city size, and is fur-
ther biased by city specialization and geographical location. This allows to systematically identify
geographical regions which are explicitly or sneakily emphasized by Soviet propaganda and quantify
their importance.

Impact Statement.
We develop a novel approach to study biases in the way cities are represented in a media corpus.

We apply the developed systematic quantitative-qualitative procedure to a historical corpus of Soviet
news, elucidating the distorted representation of world geography in the Soviet propaganda. This
approach is transferable to a variety of cultural datasets, opening up new ways to examine, quantify
and interpret biases in geographical representation.
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I. INTRODUCTION

Large scale cultural data is subject to quantitative patterns originating from complex interplay of general trends,
local specifics and selection biases. These patterns in many cases lend themselves to measurement and interpretation,
this is especially clear in the study of the fortune of urban centers in cultural history[1–5].

Representation and selection biases in the cultural data are crucial for understanding such quantitative patterns.
One particular example is unequal representation of geographical locations in the media. The ability to pinpoint and
quantify this unequal representation can give essential insights into the underlying normative worldview of the media-
producing society. Attention to different geographical locations in the media has been studied for a long time [6–9].
Visibility of a country in the international news scene is known to be influenced by multiple reasons[8]: ad-hoc political
and economic events and regional centrality can be reasons for over-representation, while under-representation can be
driven by peripheral geographical position and by invisible conflicts. Administrative status, economic development,
number of central institutions, tourist resources and distance to the capital may affect the amount of online media
attention received by cities as shown for contemporary China [10]. Population adjusted Tweet density is known to be
lower in “left behind” areas [11].

While geographical and spatial biases are present at all spatial scales, from continents to neighbourhoods, we
argue that cities form a natural probe to study representation of geographical space in historical media. Cities are
numerous, their size is relatively well-defined, spans multiple orders of magnitude, and is reasonably well-documented
historically [12, 13]. Recent influx of ideas from complex systems theory into urban science, especially the idea of
urban scaling[3, 14–17] (see also books [18–20] and recent reviews [21, 22]) provides a useful conceptual framework
for understanding the city representation.

Here we provide a general procedure for extracting insights regarding the representation of geographical space in
historical media from the data on how cities are mentioned in a historical news corpus. Our method consists of following
feedback-loop-forming steps: (i) formulation of a hypothesis about parameters governing city representation; (ii)
calculation of the parameters of the hypothesis by minimization of an explicitly defined loss function, (iii) elimination
of irrelevant parameters based on a predetermined information-theoretic criterion, and (iv) correction of the hypothesis
based on qualitative analysis of the outliers.

We exemplify this procedure by the systematic study of the corpus of Soviet newsreels “Novosti Dnya” (News of
the day)[23]. Newsreels – short news films shown in cinemas before the evening’s feature film – were influential means
of depicting the world for the cinema goers in the 20th century, visualizing events, individuals and places that the
spectators could read about in the newspapers. Throughout almost all history of the Soviet Union, the newsreels
were heavily censored. News production should have served the goal of building communism by representing the
contemporary world accordingly, i.e. the goals of objectivity or impartiality where explicitly rejected and the purpose
of news was to show the events in the light of innate social, economic, political, and cultural superiority of the
communist system [38]. Thus, the content of newsreels reflects the prescribed worldview, the set of topics, places
and individuals, which were considered appropriate to be presented and discussed in an official source. They provide
therefore an interesting glimpse into the history of the Soviet Union and its political and media culture.

Spatial history of Russia and the Soviet Union has identified entanglements of imperial politics, practices, and
identities with spatiality [24–27], including the persistent connection of the Russian and Soviet imperial identities with
the idea of the vastness of the country, covering “one sixth of the world” [28, 29], the connection of imperial visions
and territorial expansion [30], Eurasianism and its political interconnections [31], and the spatial and geographical
arrangements during the Stalinist era (late 1920s to early 1950s)[32–35].

Despite the official Soviet ideology of equality, interconnected social and spatial hierarchies were at the core of
the Soviet system. These hierarchies originated in both the political ideology and the pragmatic considerations of
usefulness for the state and where entangled with spatial hierarchy, where Moscow and major cities were at the
top, capitals of the Soviet republics at the second tier, and small cities far away from Moscow were at the bottom
[32, 36, 37]. Likewise, the Soviet media system was hierarchically and geographically organized with most important
newspapers, radio stations and film studios located in Moscow.

Following the general principle of politicisation of news, representation of the outside world in the Soviet media
was determined by current politics, and its shifting tendencies of isolationism or expansionism [38, 39]. Soviet Union
was depicted as a focal point of world history, its socialist allies were seen as “younger brothers”, following the lead
of the Soviet Union, and the whole socialist camp - as surrounded by capitalist enemies, shaken by social hardships
[39]. However, since the mid-1950s the Soviet culture started to open up to the outer world [29, 40–42], and the
presentation of both socialist “allies” and capitalist “enemies” was further graduated according to how friendly the
relations with a particular foreign country were [43].
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Figure 1: The workflow pipeline of the procedure extracting information on media representation of cities. The black arrows
correspond to the flow of data. The green arrow denotes classification of hypothetical parameters into relevant and irrelevant
according to a predetermined information theoretic criterion. The red arrow signifies the feedback loop, i.e. the systematic
refinement of the hypothesis based on the qualitative study of model outliers.

II. METHODS

The method we develop here aims to extract the quantitative estimates of the factors determining the frequency
of mentions of the cities in a robust and reliable way. Input consist of a list of N cities with the numbers of times
ni(i = 1, . . . , N) they are mentioned, and a hypothesis, i.e. an assumption that the expected number of mentions

mi = m(Ai,K) (1)

is a certain function of a vector of city attributes Ai = {Ai,1, . . . , Ai,m} (e.g., city population or binary variables like
whether the city serves a certain administrative function) and a vector of numerical parameters K = {K1, . . . ,Kl},
common for all cities.

We assume that actual number of mentions ni is a Poisson random variable with mean mi, and that mentions of
different cities are independent. This implies the loss function

L({ni}, {Ai},K) =
∑

i=1,...,N

log p(ni,m(Ai,K)), p(n,m) = 2min

[
Γ(n+ 1,m)

n!
; 1− Γ(n,m)

(n− 1)!

]
(2)

where the incomplete gamma-function Γ(n,m) comes from the cumulative distribution function of the Poisson distri-
bution with average m: Prob(x < n|m) = Γ(n,m)/(n − 1)!. Function p(n,m) in (2) estimates how improbable it is
to observe a value n of a variable with expected value m, i.e. is a p-value for the Poisson distribution.

For a given hypothesis m(A,K) the optimal values of the parameters K0 come from the maximal likelihood estimate

K0 = argmaxKL({ni}, {Ai},K) (3)

Contrary to the commonly used least-square method, this procedure, inspired by [44], explicitly accounts for the
difference in the scale of fluctuations for frequently and rarely mentioned cities, including cities with zero mentions[45].

This allows to calculate optimal values of parameters given a hypothesis. We add two procedures to systematically
improve the hypotheses (see Fig. 1): one, in the spirit of [46], avoids overfitting by removing irrelevant parameters,
another allows to include overseen aspects into the hypothesis.

Consider overfitting first. Adding parameters to the model is beneficial only if better description of the data, i.e.,
information content of the discrepancy between the model and the data, outweighs the increase in the complexity of
the model, i.e., its information content, which can be approximated as ∆l, where l is the number of parameters used
and ∆ is information content per parameter. Then, having a parameter in the model is beneficial only if its presence
results in a gain in the loss function ∆L larger than ∆ (we choose ∆ = log 100 in this work). In practice, we start
with a hypothesis with maximal set of parameters and try excluding them one by one, each time checking if ∆L is
larger than ∆. We repeat the procedure consequentially until no more parameters can be excluded.

Finally, after the model is pruned of irrelevant parameters, it produces a list of outliers — cities with smallest p-
values. We study these outliers qualitatively, search for possible explanations of their behavior, refine the hypothesis
accordingly, and repeat the fitting and parameter removal procedure. This feedback loop is repeated until we are not
able to identify any new relevant attributes, thus inserting a quantitative modelling step into the usually qualitative
cycle of hermeneutic interpretation.
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III. DATA

We use the corpus of the Soviet Newsreel “Novosti Dnya” (News of the Day) sourced from the Russian footage
archive Net-Film[47] with owners’ permission. It consists of over 1700 short (approximately 10-minute) films that is
almost complete for 1954–1992 (excluding 1965) with some additional issues from 1944-53. In 1954-86 the issues are
weekly, and in 1987-91 bi-weekly. Most newsreels contain multiple short news stories, although there are occasional
single-topic issues dedicated to major political events (see [23] for more details).

The corpus metadata includes story outlines in Russian, which we cleaned, split into stories (12,707 overall) and
used for further analysis (see [48] for the details of data preparation). Approximately 97.5% of the stories are from
the period between 1954 and 1986, the median being 1968.

Cities are included in the list of cities of interest if they exceed preset population levels [48] (for USSR cities we
use 1959, 1970 and 1979 census data [49], for cities outside USSR we mostly use the UN Population Division data
for 1970 [50]). The mentions of each city where manually classified by native Russian-speakers into 5 categories: (i)
direct mention of a city and city-dwellers, (ii) mention of organizations and industrial enterprises located in the city
and named after it, (iii) mentions of the region surrounding the city, and organizations located there, (iv) entities
named after the city but located elsewhere, (v) homonyms and coincidences. In what follows, only mentions of type
(i) and (ii) are considered.

IV. RESULTS

City Mentions Pop, mln City Mentions Pop, mln

Moscow 2831 7.06 Tokyo 16 23.3

St. Petersburg 339 3.95 New York 29 16.2

Kyiv 95 1.63 Osaka 3 15.3

Tashkent 45 1.38 Mexico 6 8.83

Baku 38 1.26 Buenos Aires 3 8.42

Kharkiv 43 1.22 Los Angeles 0 8.38

Nizhny Novgorod 45 1.18 Paris 39 8.21

. . . . . . . . . . . . . . . . . .

Minsk 72 0.92 Berlin 62 3.21

Volgograd 62 0.86 Warsaw 64 1.30

Riga 73 0.73 Prague 51 1.08

Table I: Number of mentions of selected cities in (left) and outside (right) the USSR. Population values are for 1970, data is
for the top 7 cities by population, and 3 most mentioned ones outside the top 7.

Table I summarizes the mentions of the seven largest cities plus three most mentioned cities outside the top 7.
Notably, mentions of Soviet cities are systematically larger than those outside; correlation between mentions and
population is much clearer for Soviet cities; Moscow is completely out of comparison, not surprisingly for a Moscow-
based newsreel. Given these observations, we exclude Moscow from further analysis, and consider mentions of Soviet
and foreign cities separately.

A. Cities in the USSR

Population only model. To study representation patterns of the Soviet cities we collected the data on all 309 cities
with population above 0.03% of the population of the USSR ( this threshold is chosen because it roughly corresponds
to 1 mention per city), see Fig. 2. Our first hypothesis, in the spirit of urban scaling theory, is that

mI,i(K, Pi) = cP a
i , logmI,i = log c+ a logPi (4)
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Figure 2: Cities with population exceeding 0.03% of the USSR population and their mentions vs. expected from population-only
model. Significantly (p < 0.05) over- and under-represented cities, insignificantly (0.5 > p > 0.05) over- and under-represented
cities and cities which are mentioned roughly as expected (p > 0.5) are shown with cyan, red, grey-cyan, grey-pink and grey
circles, respectively. Cities in Moscow and Donbas regions are shown in smaller circles to reduce their overlap.

where the parameter Pi is the rescaled average fraction of the USSR population living in this city

Pi =
1

3× 10−4

1

3

(
Popi,1959

PopUSSR,1959
+

Popi,1970
PopUSSR,1970

+
Popi,1979

PopUSSR,1979

)
(5)

and numerical constants K = {c, a} are obtained by maximal likelihood estimation (3) and equal c = 1.34± 0.12, a =
1.33 ± 0.04 (here and below we provide 95% confidence intervals). Notably, the scaling constant a is larger than 1,
indicating an agglomeration effect[3, 51].

As shown in Figs. 2 and 3 (A), while the model describes the majority of cities reasonably well, there is a significant
number of outliers: 30 (10%) with p-value below 0.001, and 39 (13%) more with p-value between 0.001 and 0.05 (see
[48] for the full list). Many of the outliers are geographically clustered, some others share industrial specialization
(e.g., hydroelectricity and steelworks). To allow for that, we constructed two competing models – one allowing for
city geographical location, another — for city specializations.

Geolocation model. The hypothesis here is that the USSR was split into geographical regions with different intrinsic
levels of representation, i.e. the expectation (1) is

logmII,i = log c+ a logPi +
∑
α

log kαIi,α (6)

where Ii,α is the indicator function of i-th city belonging to α-th region,
∑

α Ii,α = 1.

A priori the set of geographic regions is unknown. To determine it, we start with a set of 40 seed regions (see Fig.
4 A), including all Union-level republics separately [58], three larger republics – Kazakhstan, Russia and Ukraine are
further split into subregions.
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Figure 3: City mentions vs. (A) population of the cities and (B) prediction of the full model, which accounts for population,
geographical regions and city specialization for all cities with population above 0.03% of the population of the USSR. Cities
mentioned zero times in the dataset are shown in black, out of scale. The red straight lines correspond to ideal correspondence
with model and observation (power law regression (4) in panel (A), identity in panel (B)). Dashed and dotted lines correspond
to deviations with p=0.05 (dashed) and p=0.001 (dotted). Note that number of big outliers is much smaller in the full model
(cf. cities outlined with black circles).

We then apply the parameter-removing procedure outlined above: starting with a given set of regions, we choose a
region with smallest number of cities in it, and attempt to merge it with each of the geographically adjacent regions,
and check if the condition ∆L < ∆ is satisfied. If it is not, the merger with the smallest decrease of the loss function
is accepted. The procedure is continued until no further merges are possible. Fig. 4 B shows the resulting set of
regions and corresponding ranges of kα (see [48] for details).

Most over-represented regions are the vicinity of Moscow (probably due to convenience of filming there), Baltic
States, South (including Southern Russia, Georgia and Crimea), North-East and Northern Kazakhstan. The over-
representation of North-East may be related to the ideological importance of “stroyki kommunizma” (construction
projects of communism) - big development projects often located in the far-away parts of the country. Northern
Kazakhstan is the region where “osvoyenie tseliny” (reclamation of virginlands) – major political campaign of 1950s
– took place. The central role this campaign played in the biography of L. Brezhnev ensured North Kazakhstan
remained important for the official mythology of the later Brezhnev era. Over-representation of South and Baltics
might be related to the cultural attraction of the ’Soviet West’ [52, 53] or to recreational attractiveness of this regions
for the film crews.

The most under-represented regions are Western Urals, Western Siberia and Russia-Ukrainian borderlands (Donbas
in Ukraine and Rostov oblast in Russia). All three are industrial heartlands partly specializing in coal mining and
lacking a clear ideological significance.

Specialization model. An alternative approach to understanding city representation is to study how it is correlated
with the presence of some industries or administrative functions. The hypothesis in this case is that expectation (1)
is

logmIII,i = log c+ a logPi +
∑
β

log sβIi,β (7)

where index β enumerates specializations, Ii,β equals 1 if specialization i is present in city β and 0 otherwise (cities
can have more than 1 specialization, or no specializations at all).

We started with 19 hypothetical specializations, and reduced their number, either by elimination or by merger
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Figure 4: Overview of models explaining Soviet city representation.

(see[48]) according to the same information-theoretic rule as above. Seven out of 19 specializations turned out to be
relevant (see Fig. 4 (C) and Table II).

Naturally, the administrative and symbolic value of a republican capital results in higher representation. On the
contrary, the capitals of nation-based administrative-units inside the Russia proper are under-represented both with
respect to centers of non-national administrative units and to cities with no administrative function. There is a
significant boost for seaside cities but only for the Baltic and Black seas and the Pacific ocean, presumably due to
their strategic, cultural and/or recreational importance. Strikingly, while steelworks and huge hydroelectric dams
boost representation, there is no similar effect for, e.g., automobile industry.

Full model. The geolocation and specialization models give two different angles for interpretation of the representa-
tion of Soviet cities. Yet there are correlations between them: Republican capitals are concentrated along the western
and southern borders, there are plenty of seaports in the Baltic and South regions, many steelworks in the Eastern
Urals, etc. To study the interplay of specialization and location we introduce a combined model:

logmi = log c+ a logPi +
∑
α

log kαIi,α +
∑
β

log sβIi,β (8)

where index α enumerates geographical regions (with same seed regions and merging procedure) and β enumerates
specializations (only 7 specializations which proved relevant are used). The results are summarized in Fig. 4 D and in
Table II. Interplay between geographical and specialization parameters notably leads to a smaller number of relevant
geographical regions.

While the Moscow region and Northern Kazakhstan retain their prominence, the significant over-representation of
the Baltic region in the geolocation model is fully explained by the effects of the Baltic sea and capital status of Riga,
Tallinn, and Vilnius.
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Parameter Specialization model Full model

residual c (for the full model, the value outside of the 6 regions below) 1.42 (1.33. . . 1.57) 1.66 (1.50. . . 1.88)

scaling exponent a 1.14 (1.09. . . 1.17) 1.18 (1.13 . . . 1.22)

Boosts due to city specialization, sβ

Union-level capital 1.65 (1.48. . . 1.81) 2.00 (1.77. . . 2.22)

Autonomy capital (RSFSR) 0.75 (0.61. . . 0.88) 0.74 (0.61. . . 0.89)

Seaside (Black, Baltic, Pacific) 2.38 (2.15. . . 2.62) 1.91 (1.68. . . 2.10)

Hydroelectricity (> 2 GW) 2.46 (2.08. . . 2.80) 2.14 (1.77. . . 2.50)

Steelworks 1.53 (1.32. . . 1.72) 1.84 (1.54. . . 2.14)

Non-ferrous metallurgy 1.50 (1.27. . . 1.79) 1.55 (1.22. . . 1.92)

Coal mining 0.53 (0.43. . . 0.65) 0.62 (0.50. . . 0.75)

Regional boosts kα compared to the residual level

I: up to 250 km from Moscow 1.38 (1.18. . . 1.59)

II: N Kazakhstan 1.38 (1.09 . . . 1.71)

III: Center, mid and mid-low Volga 0.78 (0.67. . . 0.87)

IV: E Urals, W Siberia 0.65 (0.55. . . 0.77)

V: Central Ukraine, S Ukraine, lower Dnipro, Donbas, Rostov 0.58 (0.50. . . 0.64)

VI: Central Asia, Armenia, Azerbaijan, W and S Kazakhstan, W Urals 0.46 (0.39 . . . 0.53)

Table II: Optimal values and 95% confidence intervals of the parameters of Specialization and Full models.

In turn, “oriental” republics of Central Asia and Transcaucasus are even more significantly under-represented after
control for the republican capitals, emphasizing the Eurocentric nature of the Soviet ideological system (see also
below). Also underrepresented is the part of Russia, interjacent between the European Center and the ideologically
important East. Similarly, under-representation of Central and Eastern Ukraine and the Rostov region of Russia may
point to an ambiguous intermediate status of Ukraine in the implicit Soviet nomenclature of ethnicities.

In Fig. 3B predictions of the full model are compared with actual mention for individual cities. Naturally, the
results are still scattered around the predicted values but with a much narrower spread than in Fig. 3A. There are
just 10 (3%) cities with p < 0.001 and 29 (9%) with 0.05 > p > 0.001, compared with 10% and 13%, respectively, for
the population only model and, on the other hand, with 0.1% and 5%, respectively, as expected if the formula for the
expected values were exactly correct.

B. Cities outside the USSR

Parameter Value

residual c (number of mentions of a city with 1 mln population) 0.14 (0.12. . . 0.20)

scaling exponent a 1.26 (1.14. . . 1.32)

Regional boosts kα compared to residual level

Socialist I: Czechoslovakia, Bulgaria, Mongolia, Albaniaa 64 (43. . . 82)

Socialist II: Poland, East Germany, Hungary 37 (27. . . 45)

Socialist III: Yugoslavia, Romania, Vietnam, Cuba, North Korea 16 (11. . . 21)

Capitalist I: Austria, Finland 74 (50. . . 97)

Capitalist II: the rest of Europe 4.7 (3.5. . . 5.9)

Capitalist III: USA, Canada, Australia 2.5 (1.8. . . 3.2)
aAll recorded mentions of Tirana (Albania) are before the Soviet-Albanian split of late 1950s

Table III: Optimal values and 95% confidence intervals of the parameters of the foreign cities model.

The newsreel “Novosti Dnya” mostly specialized in the internal Soviet news. As a result, foreign cities were
mentioned more rarely than Soviet ones (see Table I). However, it is possible (see [48] for full details) to construct
a city-representation model in a methodologically similar way. The optimal formula for the expected number of
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mentions of the foreign cities is

logmF,i = log c+ a

[
logPi +

Ii,cap
2

log
Pc,i

Pi

]
+
∑
α

log kαIi,α (9)

where Pi is the population of the i-th city, Pc,i is the population of the country to which it belongs, Ii,cap is the
indicator function of a city being a capital, Ii,α is the indicator function of belonging to geographical group, while
residual c, scaling exponent a, and boost factors kα are numerical constants. The number and composition of the
geographical groups is optimized similarly to the Soviet cities case. The treatment of the capital status by replacing
the city population with the geometric mean of city and country populations is a result of optimization of a more
complex formula [48].

The list of relevant geographical groups, as well as optimal values of c, a, kα are given in Table III. The inequality
between geographical groups here is much stronger here than for the cities inside the USSR. There is a clear difference in
representation of three groups of countries, easily identifiable with the so-called “first” (developed capitalist: Europe,
USA, Canada and Australia), “second” (socialist) and “third” (developing) worlds. Interestingly, according to this
dataset, Japan and China are classified in the latter group. Both developed capitalist and socialist camps split further
into three groups with significantly different levels of representation.

The tiers in the socialist world can be explained by the combination of ideological conformity of corresponding
regimes and the Eurocentrism of the Soviet worldview. Indeed, lower tier consists of three non-European socialist
countries plus Yugoslavia and Romania, which had strained relations with the Soviet Union, while the top tier includes
Mongolia, Bulgaria and Czechoslovakia, whose authorities toed the Soviet line exceptionally closely (except for several
months of the Prague spring).

The tiers in the capitalist world point once again to the Eurocentrism, and to the extreme importance of neutral
European countries – Finland and Austria – as the Soviet “window to the West”[54–56].

V. DISCUSSION

In this paper we analyze the representation of geographical space in historical Soviet propaganda media using a
post-Stalin era corpus of the ”Novosti Dnya” newsreel series. Our analysis is based on quantitative models of city
mentioning and allows to elucidate and quantify biases in city representation. Full interpretation of these biases needs
further qualitative analyses of the corpus, coupled with other topical historical sources. However, we observe the
following important repeating motives.

Our corpus shows a clear hierarchy of representation with the Soviet Union on top, followed by the Socialist block,
the developed capitalist world and, finally, the developing world. Representation of cities grows superlinearly with city
population, indicating positive agglomeration effects, and is boosted by capital status (national or Soviet-Union-level
republican).

Contrary to the messaging of the official Soviet ideology, which emphasized equality of nations and anticolonial
movement, the silently sold Soviet worldview is heavily centered on Europe being in the role of a privileged or
hierarchically higher “Other”[57]. In agreement with previous qualitative observations[32, 37, 43, 53], we find that
European countries (both socialist and capitalist) are mentioned more than their counterparts elsewhere, while western
regions of the USSR are mentioned much more than Central Asia and Southern Caucasus.

Some particular regions and branches of heavy industry have an outsized ideological importance. Regional examples
are Northern Kazakhstan inside the USSR, the most loyal countries of the socialist block, and, most strikingly, the
two neutral capitalist countries, Austria and Finland.

Seemingly, Soviet worldview deliberately avoids mixed and intermediate cases and situations: while a trait is cele-
brated and emphasized in its fully developed form (superlarge dams, Far East location, Union-level capital status),
intermediate forms of the same trait (medium-sized dams, location in West Siberia or Urals, capital of lower-level
national autonomy) are often under-represented. Possibly a similar mechanism is behind the under-representation of
Eastern and Central Ukraine: while Eastern Europe, including republics of the Soviet Western frontier, is overwhelm-
ingly important for the Soviet worldview, Eastern and Central Ukraine with its mixed Ukrainian-Russian population
might seem neither fully Eastern European nor fully Russian. If true, the interplay of these two factors: over-fixation
on Eastern Europe and denial of the fact that Ukraine fully belongs to it, might be instructive in understanding the
worldview which led to the current Russian aggression against Ukraine.
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Finally, in some cases places are overmentioned seemingly just because it is convenient (close to Moscow) or pleasant
(Baltic and Black sea coasts) to film there.

While studying a particular example of a Soviet media corpus, we develop a general approach to extracting in-
formation on geographical biases from historical news corpora. The suggested procedure combines quantitative and
qualitative steps into a single feedback loop, allowing to systematically refine hypotheses about relevant factors and
to measure biases in robust quantitative way. The methodology developed here can be used for the analysis of mul-
tiple other datasets and hopefully will become a standard in the field. Speaking more generally, we show here how
combination of relatively simple reference models routed in the complexity theory and rigorous statistical analysis of
deviations from those models can be leveraged to extract significant new information in such traditionally qualitative
fields as history and media studies.
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